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Active learning Classification as an NN query Query selection

Involves adaptively querying labels for the most informative data points

unlabeled samples
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Most active learning strategies are designed to either learn a
representation of the data or perform well on a task on the data — but
many machine learning tasks involve a combination of both
representation learning and a task-specific goal
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Label selection is modeled as a nearest neighbor (NN) query, which, 06 Random Random 087 Random
given a reference point r;, asks an oracle (e.g., a human expert) to O 0 N e ° 3™ O 200 R er o labga” 1220013000 O 2000 A O sy 1000012000
select the most similar point among a set of M neighbors {z!,#2, ..., £} MNIST CIFAR-10 SVHN
Info-NN-M: M denotes the number of neighbors considered




